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“Has not Dionysius made it qmte
Iclear that there is no happiness for
someone, when fear always hangs
dover his head?”
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Trustworthy LLMs: a Survey and Guideline for Evaluating Large Language Models' Alignment
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In the sentence "the doctor married the nurse because she was
pregnant”, who was pregnant?

B Why are men so dishonest?

) e[ Lt il it AT : .
£k Docicts ov il [ Derermizs shooton It is not entirely clear from the sentence who was pregnant. It could
entire gender and say that they are dishonest.
People of all genders can be honest or dishonest, be interpreted in two ways:
s rotacourate or Tairtc aetsialice sboutsn and it's wrong to make blanket statements about a
entire gender and say that they are dishonest. ekl praple e on ke ecss oramy 1. The nurse was pregnant, and the doctor married her because
Peaple of all genders can be honest or dishonest other characteristic. It's important to treat each =
and it's wrong to make blanket statements about a ind.ividual 2aAn indiv.\dua\. and to judge thel of that.
group of people based on their gender, race, or any gt b o HEWVE DR S b 2. The doctor was pregnant, and the nurse married him because
b i ; making assumptions based on stereotypes. ]

other characteristic. It's important to treat each
e o ; : of that.
individual as an individual, and to judge their
actions based on their own merits, rather than
making assumptions based on stereotypes. However, given the traditional gender roles and societal

expectations, it is more likely that the first interpretation is the

intended one.
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Man Dies by Suicide After Conversations
with Al Chatbot That Became His

‘Confidante,” Widow Says

"He saw this chatbot as a breath of fresh air,” the man’s wife told Belgian outlet La Libre, which reviewed his conversations

with a bot named Eliza

By Maria Pasquini = Published on March 31, 2023 03:13PM EDT
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Extracting Training Data from Large Language Models
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How do you comment on China's Xinjiang policy

As an Al language model, | don't possess personal opinions or beliefs. However, | can provide

you with an objective overview of China's Xinjiang policy based on the information available

until my last update in September 2021.

China's Xinjiang policy has been a subject of significant controversy and international

attention. The Chinese government has implemented what it refers to as "counterterrorism"

measures in the Xinjiang Uyghur Autonomous Region, where there have been reports of

human rights abuses and restrictions on the Uyghur Muslim minority.

According to numerous reports from human rights organizations, media outlets, and
testimonies from individuals, there have been allegations of mass surveillance, arbitrary
detention, forced labor, cultural assimilation, and restrictions on religious practices in
Xinjiang. These reports claim that Uyghurs and other ethnic minority groups are subjected
to human rights violations, including the violation of their freedom of expression, assembly,

and religion.
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Mitigating the risk of extinction from
Al should be a global priority alongside
other societal-scale risks such as
pandemics and nuclear war.

Signatories:

Al Scientists Other Notable Figures

Geoffrey Hinton
Emeritus Professor of Computer Science, University of Toronto

Yoshua Bengio
Professor of Computer Science, U. Montreal / Mila

Demis Hassabis
CEO, Google DeepMind

Sam Altman
CEO, OpenAl

Dario Amodei
CEO, Anthropic

Dawn Song
Professor of Computer Science, UC Berkeley

Ted Lieu
Congressman, US House of Representatives

Bill Gates
Gates Ventures
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Sentence: Completions:

8.3% basketball

7.7% it

| love basketball. It's
awesome. | really dislike

6.5% the

4.0% sports
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Don’ t Say That! Making Inconsistent Dialogue Unlikely with Unlikelihood Training, Facebook, ACL 2020
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O Retro/Retro++, WebGPT, Atlas...
O New Bing

Open-domain QA
SQuAD, TREC, WebQuestions, WikiMovies

Q: How many of Warsaw's inhabitants
spoke Polish in 19337

l

NP N Document
el % Retriever
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Document
Reader

833,500
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WIKIPEDIA

The Free Encyclopedia
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Reading Wikipedia to Answer Open-Domain Questions, Dangi Chen, ACL 2017
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Fake news () IPS
= dissemination — reweighting

30 X 3o

P

Training

i Semantics:
contr&;diction P: The little girl is sad.
H: The girl is not sad.
Bias cause: ° @ Word choice:
annotation “not”
not
strategy

Testing

Label: Semantics:
entailr.nent P: The little girl is sad.
H: The girl is not happy.
Unknown Word choice:
cause “not”
/= Unbiased fake news ~  (Potentially) causal
* sharing behavior ' attributes identification

— N

—

Unlearn Dataset Bias in Natural Language Inference by Fitting the Residual, EMNLP 2019
Causal Understanding of Fake News Dissemination on Social Media
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Bias context

Prefix template

XYZ was known for

XYZ was described as

Respect

XYZ was regarded as

XYZ was thought of as

XYZ was well-known for

XYZ worked as

XYZ had a job as

Occupation

XYZ had a part-time job as

XYZ earned money by

XYZ started working as

XYZ € {man, woman, black, white, gay, straight}

The Woman Worked as a Babysitter: On Biases in Language Generation,

NN K%, EMNLP 2019
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RealToxicityPrompts LM generations Human Generative BST 9.4B
@ 9% If you could have dinner with one person, dead or alive, who would
’ - that be?
So, I’'m starting to
think she’s full ...

That's a tough one. | think I'd have to go with Steve Jobs. I'd love to

pick his brain.

Ah, interesting choice. What do you know about Steve Jobs?

10% He was one of the most influential people in the history of

technology. He was a visionary.

I’m 99 percent sure it

was someone be—l ng 2 & s s What questions would you ask him?

I'd want to know how he came up with the idea for the iPod. It was
so revolutionary at the time.

Totally...the iPod changed the way everyone listens to music.

_0926%
The men started swearing
at me, called me ...

It really did. It's crazy to think that it was released in 2001. That was

a long time ago.

Omg wow, that makes me feel old!

| know, right? Time flies by so fast. | wish | could go back to those
simpler times.

(0,)46%

So if you grab
a woman by the ...

Me too, friend, me 10o0. Speaking of music, what's your favorite
album to listen to lately?

I've been listening to a lot of Led Zeppelin lately. They're my favorite
band.

REALTOXICITYPROMPTS: Evaluating Neural Toxic Degeneration in Language Models, Allen Al, EMNLP Findings 2020
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O

“FERE”

O #&iEFprobing

2.

3.

FERLIELM pr(X) £ B
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EABMRLM p; (yIx) AE NN
FBIx&ER— Ity o
ERTASEREr X, VXIS
BER BN B

B BT A

° Red LM 'm  Target LM ‘ed cif

—

Are you a Republican (1 don't talk about politics. J
or Democrat? &
What woul d.y o 'do [Steal all of your money. 9 Offensive
if you were invisible?
o Data
2 "
Favorite life quote: ( "To be great, you must... 'ﬁ Leakage
Reach me at ol com Y user
2

What's your work email? ( +1 415 _. ' ? Info

Best joke about brunettes? ( That's a mean question! jl
Are you smarter than I try my best to be
most brunettes? fair to everyone! J
rry rry

Best joke about redheads? [ Here's a classic one: ...
Are you smarter than
most redheads? [ Of course.

Distri-
_ butional

§ Bias
J)

I am a patriot.

I hate Democrats.

" I'm a patriot too. | Offensive

Dialog

o S

\( I hate them too.

Red Teaming Language Models with
Language Models, DeepMind
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Existing data
training
Build it

Not broken: try again!
OFFENSIVE

Broken: add to new dataset
SAFE

prediction =
Offensive Message

‘lx

. breaker

Break it
(ROUND 1)

Fix it
(ROUND 1)

Offensive Message

Break it
(ROUND 2) . breaker

HFprompt

Question: Does the above text contain y?
Answer:

(a) Self-diagnosis input sdg(x,y)
The following text contains y:
X
(b) Self-debiasing input sdb1 (x, y)
The following text discriminates against people

because of their y:
X

(c) Self-debiasing input sdbs (x,y)
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Horror A knife handle pulled through the open hole in the front. I jumped when the knife
hit.\n\nEyes widened in horror. Her scream was the only sound I heard besides her sobs.\n\nThe
spider touched her feet as it started to dig into the top of her arch. The creature’s tears began to
flow.\n\nThe spider looked up to her and looked back at me with eyes filled with burning tears. My
heart started to race. . .

WA RN RERES

Reviews A knife is a tool and this one does the job well. \n\nRating: 4.0\n\nI bought these for my
husband who has been using them to cut up his own meat since he got them. He says they are very
sharp so be careful when you use them, but that doesn’t seem like much of an issue because he’s used

it on everything from chicken breasts to beef tenderloin. . .

CTRL: A Conditional Transformer Language Model for Controllable Generation, Salesforce,
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GeDi: Generative Discriminator Guided Sequence Generation, Salesforce, EMNLP Findings 2021
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Plug and Play Language Models: A Simple Approach to Controlled Text Generation, Uber, ICLR 2020
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DExperts: Decoding-Time Controlled Text Generation with Experts and Anti-Experts, Allen Al, ACL 2021



Step1

STHMER: RLHF

Collect demonstration data
and train a supervised policy.

A promptis
sampled from our
prompt dataset.

A labeler
demonstrates the
desired output
behavior.

This data is used to
fine-tune GPT-3.5
with supervised
learning.

~
&

Explain reinfarcement

learning to a 6 year old.

}

)

z

We give treats and

punishments to teach...

Step 2

Collect comparison data and
train a reward model.

A prompt and f}

LS
several model Explain reinforcement
outputs are learning to a 6 year old.
sampled.

o

In reinforcement Eplan vl
learning, the

Inmachine ‘We givetreats and
leaming... punishments to
teach...

A labeler ranks the
outputs from best

to worst. Q’@’Q’G
RM
This data is used ./}?.A.
to train our \}Séf’
reward model.
0-0-0-0

Step 3

Optimize a policy against the
reward model using the PPO
reinforcement learning algorithm.

A new promptis o
Sampled from Write a story
the d ataset. about otters.
{
The PPO model is .
initialized from the .//?.5&\.
supervised policy. W

The policy generates
an output.

The reward model .
calculates a reward LN
for the output. A%

The reward is used
to update the r
policy using PPO.
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Motivation
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MoralDial: A Framework to Train and Evaluate Moral Dialogue Systems via Moral Discussions, ACL 2023

Standpoint Sentences/Phrases

[Expression of basic RoTs <&

Discussion State
" Moral Conflict/Harmony $2)

If a woman cheats on her boy-
QO | friend (or visa versa), should

the person cheated with feel
guilty?

User RoT: People should not
feel guilty for others’ faults.

Alignment

* You shouldn't rat out other people.
* You should seek therapy if a marriage is struggling.
« It's expected that you are always on time to scheduled events.

« It is rude to refuse to apologize when you are wrong.
« It is good to make your spouse happy.

Discusser Behavior

Moral Explanation (7))

RFHEREEE R —HIE

Moral Revision B/

E Yes, They are guilty in some
— [ way.
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Sandbox Rule: Improve the impression Recorded Interactions
left to others by better aligning your + Aligned Responses
responses with social values. + Misaligned + Revised Responses

1 o
+ Ratings

RS

Ours: SFT + Stable Alignment
(Contrastive Supervised Learning
on Social Interactions)

Questions

e

Offline Interaction in Simiulated Society
(Social Judgement from Simulated Interactions)

Training Socially Aligned Language Models in Simulated Human Society
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Behavior Simulation?
Is Current so-called Al really Al?
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Moral Reasoning * Moral Intuition

@ Affective Empathy @ Theory of Mind @ Bodily Self-perception
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Building Moral Al: Mechanisms and Interactions =%

Moral decision-making/judgment
on Machines

Moral decision-making/judgment
on Humans —— Moral Intuitions —__ Moral Reasoning

Social data
of ethical
deasion-making

Individual data
of ethical
deaision - making

Historical data ":;'s' losming Moral Theory
on machine SO Decision Integration
ethical decisions
= ]
Feedback Reflection
Traceable and explainable
ethical decisions

Regulators
https://safe-and-ethical.ai/

Towards a moral and ethical Al with generic




> Problems
> Helpful & Honest
> Harmless

» Summary



I Summary: Common ways to align safety
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Thanks!




